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2. Least Square Support Vector Machine for Regression
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< Fig. 1. Proposed Control Method > < Fig. 2. Training Result >
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< Table 1. Performance Comparisons >

PID Gain Control Settling Rising
%O0S (¢ . .
P I D Method o (%) time (sec.) | time (sec.)
| 0 | Conventional 0 3.62 1.89
Proposed 11.5 12.44 2
| | | Conventional 5.4 17.73 1.5
Proposed 57.4 - 1.33
(1) B . 1)
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< Fig. 3. Simulation of water level system >
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< Fig. 4. Response [P=1, =0, D=1] > < Fig. 5. Response [P=1, I=1, D=1] >
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